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Social Media in a nutshell 

• Social Media has positioned as a channel for getting 
unfiltered feedback from customers. 

 
• Social Media works like a sensor: 24x7 near real time 

feedback 

• Platforms like 4square created new business models 
just based on geo-positioning 

 
• Main stream players like FB, Twitter, etc implemented  

geo-location to enrich user experience. 

SM icons by: http://colaja.deviantart.com/ 

• Mobile Internet emerged and transformed the way 
people interacted with the SM platforms 

 
• Interactions became more pervasive (from everywhere) 

and geo-location capabilities were added on top 



Early Warning Systems (EWS) 

• Systems to alert about changing conditions in a give environment  
to allow for quick reaction 
 

 
• Social Media near real time message spreading nature proved to be a  

good source to feed EWS 
 

• Used in different areas like epidemic expansion, disaster prevention, etc. 
 

• Recently also discovered for brands and companies, especially the ones 
providing a service 



SM to feed EWS 
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Our Model: definitions 
The User in the location under analysis 

The Social Network for  the user 

… and for all Users 

The User Interaction 

The Entity and the interactions related to the Brand 



Our Model: metrics 

Entity Engagement Index 

Differential Purpose Factor 

# Exposed Users 

Impact 



Making the insights actionable 

Entity Engagement Index 

Differential Purpose Factor 

# Exposed Users 

Mapper (Impact) = [C], C ϵ {R,A,G} 

Impact Mapping to Consumable Category 



The system processes 
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The show-case 

Gatwick Heathrow 2 Airports 
    From:   23rd of November 2013  
 
    To:        23rd of January 2014  

 
SM Interactions:   852319 

Time 

6 Railway Transportation Brands: 



6 Railway Transportation Brands: 

Top 20 terms in the Communication Purpose Category Complaints by frequency 



Service disruptions on the 24th Jan. and 17th Feb. 



Daily Impact in both airports by brand (I) Heathrow Gatwick 

No service 



Heathrow Gatwick Daily Impact in both airports by brand (II) 



Hourly Impact Heatmap for National Railway in Gatwick Airport 



Conclusions 

• Social Media is a channel to get what is in customers‘ minds 
anytime anywhere 
 

• SM is a very suitable source to feed Early Warning Systems due to 
the fast spreading nature 
 

• We created a framework to model the perceived impact of SM 
interactions in a given location on a particular brand, which can also 
be used on competitors. 
 

• Our Impact modeling relies on author‘s Entity Engament Index, 
Differential Perception Factor and number of Exposed Users to the 
SM interaction 
 

• To ease the consume of the insights in EWSs, we introduced the 
mapping of the output to categories 
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